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COVID-19 Cases — WHO report

WHO Coronavirus (COVID-19) Dashboard
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[1] “Coronavirus Update,” https://www.worldometers.info/coronavirus/.

[2] Simpson S, et al., “Radiological Society of North America expert consensus document on reporting chest CT findings related to COVID-19: endorsed by the Society of Thoracic Radiology, the
American College of Radiology, and RSNA,” Radiology: Cardiothoracic Imaging 2(2) (2020).

[3] Ai T, et al., “Correlation of Chest CT and RT-PCR Testing for Coronavirus Disease 2019 (COVID-19) in China: A Report of 1014 Cases,” Radiology 296(2) (2020).
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[2] Yu F, Koltun V, Multi-scale context aggregation by dilated convolutions. International Conference on Learning Representations (ICLR), 2016
[3] Playout C, et al., A multitask learning architecture for simultaneous segmentation of bright and red lesions in fundus images. MICCAI 11071:101-108, 2018
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[2] D-P Fan, et al. "Inf-Net: Automatic COVID-19 Lung Infection Segmentation from CT Images," IEEE Trans Med Imag, 39(8), 2020.
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[1] C Wang, T Moriya, Y Hayashi, M Oda, H Ohkubo, K Mori, Semi-supervised spherical K-means for segmenting idiopathic interstitial pneumonia from
chest CT images, Int J CARS, 13(1), s27-28, 2018
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The RSNA International COVID-19
Open Radiology Database
(RICORD) Emily B. Tsai, et al.,
Radiology 2021 299:1, E204-E213

https://www.midrc.org/

Grand Challenge COVID-19-20 Database

https://covid-segmentation.grand-challenge.org/Data/ https://wiki.cancerimagingarchive.net/display/Public/CT+Images+in+COVID;19




]
MICCAI COVID-19-20 ChallengeDiR—L/NR— NS

e COVID-19 Lung CT Lesion

Segmentation Challenge - 2020

— The COVID-19-20 challenge will create the
platform to evaluate emerging methods for
the segmentation and quantification of lung
lesions caused by SARS-CoV-2 infection from
CT images. The images are multi-institutional,
multi-national and originate from patients of
different ages, gender and with variable
disease severity.

e https://covid-segmentation.grand-
challenge.org/Final-Ranking/
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Medical Imaging Cloud

Japanese medical societies Super computer Vedical Al
(Radiology, Endoscopy, Pathology “Flow (F2&)” researcher
US, Ophthalmology Dermatology) o
docking ‘ /F
Database A ized Al-based analysis —n !
nonymize | (Deep learning)
ized Anonymized '
Anon\c/‘f)ﬁllle medical Al-based analysis
Tnfaéii images ’A\ (Deep learning)
High Performance High performance
Storage GPU Server
Medical image transfer Medical image analysis
Nation-wide academic L2VPN Nation-wide academic L2VPN and GPU
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Global Model

https://developer.nvidia.com/clara-medical-imaging
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