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ImageNet Large Scale Visual Recognition Challenge (ILSVRC)
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Intriguing properties of neural networks et al.
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Fairness-aware Machine Learning
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Biased algorithms are easier to fix than biased people

Mullainathan 2019

Note: Bugbears or Legitimate Threats? (Social) Scientists' Criticisms of Machine Learning
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m ICDM20124#E%WS:

Discriminant and Privacy—aware Data Mining

m NIPS2013, ICML2014 {#E%WS:
Fairness, Accountability, and Transparency in Machine Learning
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Machine Leaning and Law
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Privacy and Discriminant in Data Mining

m KDD2019 Fa—Fk)7JL:

Fairness—aware Machine Learning: Practical Challenges and
Lessons Learned
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